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Introduction
Across regulated industries, organizations are under increasing pressure 
to move from Artificial Intelligence (AI) experimentation to operational 
deployment. Boards are asking about AI strategy, competitors are piloting 
autonomous workflows, and the promise of intelligent automation is com-
pelling.

Yet many of the most critical workflows inside large enterprises remain 
manual.

The reason is not a lack of ambition or technical capability. Organizations 
now have access to powerful AI models, advanced automation platforms, 
and an expanding landscape of tools designed to accelerate digital trans-
formation. The technical foundations for enterprise AI are already in place.

What is changing is not just the capability of AI, but the role it is beginning 
to play, and with that shift introduces a very different set of expectations. 
AI is moving beyond supporting decisions and starting to influence, and in 
some cases execute, operational processes.

At the point of execution, variability is no longer acceptable.  

•	 Decisions must behave predictably

•	 Outcomes must be explainable

•	 Results must be reproducible when challenged 

In environments shaped by regulation, risk, and accountability, these 
requirements are not optional, but it is at this point that many organizations 
begin to encounter friction.  
 
 

Despite the availability of advanced AI capabilities, deployment stalls 
when systems cannot meet these expectations consistently. What initially 
appears to be a technical challenge becomes something more fundamen-
tal.

This is not due to a lack of ambition or technical capability. It is whether 
decisions can be relied on under enterprise conditions, and ultimately, 
whether they can be trusted.

In regulated environments, trust must be demonstrated. Organizations 
need to show how decisions are made, provide clear evidence of the logic 
behind them, and ensure outcomes can be reproduced and defended. 
Transparency, explainability, and auditability are essential. Without this, AI 
will remain confined to experimentation rather than production.

This eBook explores why trust has become the defining challenge of 
enterprise AI adoption and how organizations can begin designing archi-
tectures that enable intelligent systems to operate reliably in environments 
where trust matters most.

Generation got cheap. Control did not.

Enterprise AI is not stalling because models are weak. 
It is stalling because business-critical logic is still too 
opaque to verify and too unstable to trust. 
AI execution may be cheap and easy, but governance 
and control cannot operate on the same terms.
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Chapter One

From assistants to 
autonomous agents
Artificial Intelligence is rapidly evolving from tools that assist employees 
to systems capable of acting independently. Early enterprise deployments 
of AI largely focused on augmenting human work with systems generating 
content, summarizing information, answering simple questions, or recom-
mending actions. These tools, often described as copilots, were designed 
to support decision-making rather than replace it.

In those use cases, occasional inaccuracies were manageable. If an AI-
generated summary missed a detail or a chatbot produced an imperfect 
response, a human user could review the output and correct it before 
acting. The AI’s role was advisory rather than authoritative, helping emp-
loyees work faster and more efficiently without directly controlling outco-
mes. 
 

Agentic AI represents a very different 
model.
Instead of suggesting actions, AI agents are increasingly being deployed 
to execute them. They can trigger approvals, process transactions, coor-
dinate tasks across multiple systems, and initiate decisions within opera-
tional workflows. According to Gartner, the transition to this new model is 
accelerating quickly. They predict that by the end of 2026, more than 40 
percent of enterprise applications will incorporate task-specific AI agents, 
up from less than 5 percent only a few years earlier. 

So, as these capabilities become embedded in core enterprise systems, 
AI is moving beyond generating insights to influencing real operational 
outcomes. That shift dramatically changes the expectations and responsi-
bilities placed on these systems.

When automated technologies make decisions that affect financial trans-
actions, regulatory compliance, or customer eligibility, the tolerance for 
mistakes and variability disappears. Systems must behave consistently, 
their decisions must be explainable, and their outcomes must be reprodu-
cible if challenged. Without those qualities, AI may remain valuable as a 
powerful assistant, but it will never be trusted as an autonomous decision 
maker.

AI is moving from generating answers to executing decisions.

https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
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Chapter Two

The AI trust gap
As Artificial Intelligence moves deeper into enterprise operations, orga-
nizations are encountering a fundamental challenge. The way modern AI 
systems generate results does not always align with the way regulated 
businesses must make decisions.

Advanced AI models are probabilistic by design. They generate outputs 
based on patterns learned from large volumes of data, which means the 
same input can sometimes produce slightly different results across mul-
tiple executions. In many contexts, this variability is acceptable. For exam-
ple, when AI summarizes a report or drafts a response, small differences 
are fine and rarely have meaningful consequences.

	 Enterprise decision-making operates under 
	 very different expectations.

When automated systems influence financial transactions, regulatory 
compliance, or customer interactions, outcomes must behave predictably. 
The same inputs should produce the same decision, every time. The rea-
soning behind that decision must be clear, and the result must be reprodu-
cible if challenged during an audit or investigation.

These expectations are increasingly being reinforced by regulation. 
The European Union’s AI Act classifies AI systems used in areas such as 
employment, financial services, healthcare, and critical infrastructure as 
high risk. Organizations deploying such systems must demonstrate trans-
parency in how decisions are produced and maintain appropriate gover-
nance over their operation.

At the same time, many organizations are still in the early stages of deve-

The AI trust gap

AI systems may generate powerful answers, but enter-
prises must trust the decisions they produce.

loping the structures required to manage AI responsibly. McKinsey’s global 
research on AI adoption shows that only about 27 percent of organizations 
report having formal governance frameworks in place for responsible AI.

This gap between rapid AI adoption and limited governance maturity crea-
tes a growing challenge for enterprises. AI systems can generate powerful 
insights and automate complex tasks. Yet, the inherent variability of pro-
babilistic models makes them difficult to rely on for decisions that must be 
repeatable, explainable, and defensible.

Until that trust gap is resolved, many organizations will continue to limit AI 
to advisory roles rather than allowing it to operate at the center of critical 
business processes.

https://www.europarl.europa.eu/topics/en/article/20230601STO93804/eu-ai-act-first-regulation-on-artificial-intelligence
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai?utm_source=chatgpt.com
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai?utm_source=chatgpt.com
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Chapter Three

Why governance 
frameworks alone do 
not work
As organizations recognize the risks associated with AI-driven decisions, 
many have responded by introducing governance frameworks to control 
how those decisions are made and used. Boards are establishing AI ethics 
committees, regulators are issuing new guidance, and enterprises are 
investing in monitoring platforms that track model performance and detect 
potential risks.

These initiatives represent an important step forward. Governance frame-
works help organizations define policies, assign accountability, and esta-
blish oversight for how AI systems are used. They also align with emerging 
regulatory expectations, including those outlined in the European Union’s 
AI Act, which requires organizations deploying high-risk AI systems to 
maintain strong risk management, documentation, and monitoring practi-
ces.

However, governance frameworks primarily focus on supervision, not on 
how decisions are actually executed.

Most governance approaches evaluate AI behavior after decisions have 
already been made:

•	 Monitoring dashboards can identify anomalies 

•	 Human review processes can flag questionable outcomes

•	 Audit trails can document what happened

But none of these mechanisms change how the decision itself is produ-
ced, or whether it will behave the same way the next time it is executed.

This creates a structural risk for organizations operating in regulated envi-
ronments. If a decision cannot be reproduced consistently, it cannot be 
defended. If it cannot be explained clearly, it cannot be audited. And if it 
behaves differently each time it is executed, it introduces uncertainty into 
processes that require control and accountability.

The consequence is not theoretical. It is regulatory exposure, operational 
inconsistency, and decisions that cannot be justified when challenged.

This limitation is becoming increasingly apparent as enterprises move AI 
initiatives from experimentation to production. Gartner predicts that more 
than 40 percent of agentic AI projects will be cancelled by 2027 due to 
unclear value, escalating costs, or, most importantly, inadequate risk con-
trols.

Governance is essential, but oversight alone cannot create trust. For AI-
driven decisions to be reliable at enterprise scale, predictability must be 
built into how they are executed. What enterprises need is not the idea of 
governance, but an understood, consistent, visual, and deterministic logic 
layer that turns approved decision rules into stable runtime behavior.

https://www.gartner.com/en/newsroom/press-releases/2025-06-25-gartner-predicts-over-40-percent-of-agentic-ai-projects-will-be-canceled-by-end-of-2027
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Governance Issues 
In Practice

To understand the impact of poor AI Governance in the real world, let’s 
consider a typical operational example in the Insurance industry: 
an insurance claim submission in which the system must determine 
eligibility and/or payout.

What happens in practice What enterprise decisions actually need

The system thinks it knows what information is required to make a valid decision, 
but in reality will likely accept incomplete or incorrect inputs. All required inputs must be identified and captured before a decision is made.

Decisions are inferred from patterns rather than governed by rules, introducing 
variability. Decisions must follow consistent and clearly defined criteria.

The same claim can produce different outcomes, making behaviour unpredictable. The same inputs must produce the same outcome every time.

The reasoning behind decisions cannot be clearly explained, making them difficult 
to justify, and therefore prone to legal and compliance risks. Decisions must be explainable and traceable.

Risk is managed by escalating decisions to humans, introducing delays and cost. 
Processing slows down as cases queue for review, preventing scale.

Human oversight should be applied selectively, not as a safeguard for uncertainty. 
Decisions must execute reliably at scale.

Processing slows down as cases queue for review, preventing scale. Decisions must execute reliably at scale.

Outcomes cannot be reliably defended under audit, creating regulatory exposure. Decisions must be reproducible and defensible under audit.
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Chapter Four

The missing 
architectural layer
What is missing is not more governance. It is an architectural layer.

Governance frameworks define how AI should be used and provide over-
sight of outcomes. But they do not determine how decisions are actually 
produced at runtime. As a result, organizations are left monitoring behavi-
our they cannot fully control.

To close this gap, trust must be built into the architecture of the system 
itself.

This requires a different way of structuring AI-driven systems. At the 
centre is a clear distinction between how decisions are designed and how 
they are executed, separating two activities that are often combined in AI-
driven systems. 

•	 The first is the creation of decision logic 

•	 The second is the execution of that logic inside real business 
workflows

When these two functions are tightly coupled, AI systems can dynami-
cally generate and apply logic. While this flexibility can be powerful, it 
also introduces variability and therefore risk. Each execution may behave 
slightly differently, making outcomes difficult to predict or defend.

An alternative architectural approach separates the design of decision 
logic from its execution. Instead of generating logic dynamically at run-
time, decision logic is created, validated, and stored in advance. AI agents 

Without an architectural layer, AI systems remain 
powerful but unpredictable. With one, they become 
reliable, controllable, and deployable at scale.

can still interpret information, interact with systems, and coordinate work-
flows. However, when a critical decision must be made, the agent invokes 
a predefined logic blueprint rather than inventing its own decision path. 
This architectural layer acts as the control point for decision-making, 
defining how decisions behave, ensuring they execute consistently, and 
making their outcomes visible and auditable.

This clear separation of logic and execution allows organizations to com-
bine the strengths of AI with the reliability required for enterprise opera-
tions. AI remains flexible where interpretation and reasoning are required, 
while the execution of business decisions remains stable, transparent, and 
repeatable.
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Design logic once, 
execute reliably

Separating the decision logic from its execution introduces more than 
structure. It changes how organizations design, validate, and operate AI-
driven decisions. This challenge is compounded by a disconnect within 
most organizations.

The people who understand how decisions should be made — compliance 
leaders, risk owners, and domain experts-are rarely the ones implemen-
ting them. Instead, decision logic is translated into code, where it becomes 
difficult for those same experts to review, validate, or challenge how it has 
been expressed.

As a result, organizations are often unable to fully verify the decisions their 
systems are making — even when those decisions are critical to compli-
ance and risk management.

This is why separating the design of decision logic from its execution is so 
important.

Because the logic is explicit, it can be validated, tested, and approved 
before it is ever executed within a production system.

Once validated, the blueprint is stored as a reusable decision model. At 
this stage, decision-making becomes visible and owned. This gives orga-
nizations what they actually need: the ability to look at decision logic and 
say, with confidence, whether it is correct. It also changes who owns it. 
Decision-making is no longer embedded in code. It becomes visible and 
accountable to the people responsible for the outcome.

https://drive.google.com/file/d/1ydYU8BoU71GMaeqexjFRpB0nr53HxCqj/view

Click to play

https://drive.google.com/file/d/1ydYU8BoU71GMaeqexjFRpB0nr53HxCqj/view
https://drive.google.com/file/d/1ydYU8BoU71GMaeqexjFRpB0nr53HxCqj/view
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Two phases, one system

Design phase

The process begins in the design phase. Domain experts and technical 
teams work together to define how a particular decision should behave. 
AI can assist in generating potential decision paths or identifying relevant 
data inputs, but the logic itself is refined through human review. The result 
is a clear representation of how the decision should operate. 

This logic is then captured as a visual decision blueprint. The blueprint 
describes the rules, conditions, and outcomes that govern the decision. 

Execution phase 

When an AI agent later encounters a task that requires a decision, the pro-
cess enters the execution phase. Rather than constructing a new decision 
path, the agent calls the appropriate logic blueprint and executes it. The 
blueprint evaluates the inputs and returns the outcome according to the 
predefined rules.

This structure allows AI systems to remain adaptable while ensuring that 
critical decisions are executed consistently and predictably across enter-
prise workflows.

Domain experts + AI AI agent

Define decision logic Encounters task

Visual logic Blueprint Calls logic Blueprint

Validated decision model Text?

Text?

Stored decision Blueprint Deterministic execution

Reusable & auditable
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Practical differences between 
design and execution

Design Execution

Logic is explicitly defined and structured Logic is consistently applied to every decision

Domain experts review and validate decisions Systems execute decisions without reinterpretation

Changes are governed, tested, and approved Outcomes are repeatable and predictable

Decisions are validated before deployment Decisions behave consistently at runtime

Decision logic is visible and auditable Decision outcomes can be traced and reproduced
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Chapter Five

Trust through visibility 
and ownership
When organizations begin to trust AI systems with real operational deci-
sions, the character of those systems changes. In practice, trusted AI 
systems share several common characteristics. 

•	 The logic that governs critical decisions is clearly defined and visible. 
Business leaders and compliance teams can review the pathways that 
lead to an outcome rather than relying on decision logic embedded in 
code that they cannot easily understand or verify. Human oversight 
should not compensate for runtime uncertainty. It should be concentra-
ted where it creates leverage: in defining, validating, and approving the 
logic before execution. 

•	 Decisions are consistent. When the same inputs occur, the system 
produces the same outcome. This predictability is essential in environ-
ments such as financial services, healthcare, and public-sector opera-
tions, where outcomes must be defensible and reproducible. 

•	 The system can explain its behavior. When a decision is challenged, 
organizations can demonstrate how the outcome was produced and 
which rules or policies were applied. This transparency is increasingly 
important as regulatory expectations evolve. The European Union’s 
Artificial Intelligence Act, for example, places strong emphasis on tra-
ceability, documentation, and oversight for high-risk AI systems. 
 

Trusted AI systems are predictable, explainable, and 
governed.

•	 Trusted AI systems allow organizations to adapt safely as conditions 
change. Decision logic can be updated, reviewed, and redeployed wit-
hout disrupting the workflows that rely on it.

When these characteristics are present, AI becomes more than an experi-
mental capability. It becomes an operational system that organizations can 
confidently embed in core business processes.

At this stage, trusted AI is not just accurate, but is visible, governed, and 
owned. That matters not only for compliance, but for performance. McKin-
sey’s 2025 State of AI research found that CEO oversight of AI governance 
is one of the factors most correlated with higher self-reported bottom-line 
impact from generative AI use. In other words, the organizations getting 
more value from AI are not treating trust as an afterthought. They are buil-
ding governance and accountability into how these systems operate.
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Chapter Six

Designing for trusted AI 
autonomy
As AI systems move from assisting employees to executing decisions 
inside operational workflows, the way those systems are designed beco-
mes increasingly important.

Trusted autonomy does not emerge automatically from more powerful 
models. It must be engineered into how decisions are designed and exe-
cuted.

Autonomy does not remove control. It relocates it from the moment of 
execution to the design of the decision itself.

This requires a clear separation between intelligence and execution. AI 
systems interpret context and coordinate actions, while the logic gover-
ning critical decisions is defined, validated, and applied consistently.

When designed this way, autonomy becomes an asset rather than a risk. 
Systems can act independently across workflows, but their decisions 
remain predictable, explainable, and aligned with organizational policies.

Trusted autonomy is not created by smarter models 
alone. 

It is created by the architectures that govern how those models 
make decisions.
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Chapter Six

From inconsistency 
to trusted AI
For many enterprises in the early stages of AI adoption, a lack of trust is a 
significant constraint. Understandably, organizations worry about unpre-
dictable outcomes, regulatory exposure, or the difficulty of explaining 
automated decisions. These concerns can slow adoption and limit the 
deployment of AI systems.

However, as the technology matures a different perspective is emerging. 
Trust is not simply a hurdle to overcome or a constraint on AI adoption. It 
should be treated as infrastructure, as the foundation that allows AI sys-
tems to operate at scale.

Organizations that build trust as infrastructure scale AI from experimenta-
tion to production faster, with greater control, and with lower risk.

This growth is not achieved through stronger models or additional over-
sight. It requires AI infrastructure to produce decisions that are consistent, 
explainable, and governed by design. With these capabilities embedded 
into the architecture, trust becomes a property of the system rather than a 
layer applied after the fact.

This shift transforms how enterprises think about automation as a whole. 
Instead of restricting where AI can be used, organizations can expand its 
role across complex processes and high-value decisions. AI agents can 
coordinate workflows, interpret data, and trigger actions across systems 
while relying on decision logic that has already been validated and appro-
ved.

The result is a new operational model in which autonomy and accoun-
tability coexist. AI agents can operate independently across enterprise 
environments, but the outcomes they produce remain predictable and 
defensible.

As agentic automation continues to evolve, the organizations that solve 
the trust challenge first will be the ones best positioned to lead the next 
generation of intelligent operations. By treating trust as infrastructure rat-
her than a barrier, enterprises create the conditions for AI to move beyond 
experimentation and become a dependable, scalable, productized part of 
everyday decision-making.Enterprises that lead

The organizations that treat trust as infrastructure will 
be the ones that scale AI first and fastest.
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Chapter Seven

Leapter: Platform for Governed AI-driven Decisions

01  
AI-assisted & visual creation

Domain experts and AI co-author decision 
logic using natural language.

04 
Logic owned by the business

Decision logic is no longer buried in code. It 
stays visible and accountable to the people 
responsible for the outcome

02 
Visual artifact of the decision logic

Leapter creates a Blueprint: an artifact that 
includes all details about the decision logic, 
the intent, tests, and run history. It‘s visual 
and can be read by domain experts.

05 
Seamless integration

Blueprints as an API or tool for existing agent 
workflows.

03  
Deterministic execution

Human oversight concentrated where it 
creates leverage: defining, validating, and 
approving logic before execution — not after

06  
Catch errors at source

Validation before deployment instead of 
monitoring after the error.

Leapter does not compete with orchestration frameworks. It complements them. 
Agents coordinate. Leapter governs the decisions they make.
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Closing the Trust Gap in AI-driven Decisions

About Leapter
Throughout this eBook, we have explored why enterprise AI adoption 
stalls - not because models are weak, but because the decisions they 
drive cannot be consistently trusted, explained, or defended.

The organizations that will lead the next generation of intelligent opera-
tions are not those with the most advanced AI models. They are the ones 
that have solved the trust problem: building decision logic that is visible, 
deterministic, and owned by the people responsible for outcomes.

Leapter is the platform built to make this possible. It introduces a dedica-
ted execution layer between AI agents and the business decisions they 
must make - enabling enterprises to design, validate, and deploy decision 
logic visually, without embedding it in code, and without leaving it to pro-
babilistic inference at runtime.

Decisions are not generated on the fly. They are designed in advance by 
the people who understand them - compliance leaders, risk owners, and 
domain experts - and captured as structured, reusable decision blue-
prints. When an AI agent reaches a decision point, it invokes the relevant 
blueprint. The outcome is governed by validated logic, not by the model‘s 
interpretation in that moment. 
 
 
 
 

This separates intelligence from execution. AI remains flexible and autono-
mous across workflows. Decisions remain stable, explainable, and audita-
ble - ready for the environments where it matters most: financial services, 
insurance, healthcare, and any regulated industry where outcomes must 
be reproducible and defensible.

As agentic AI becomes embedded in core enterprise systems, the orga-
nizations that establish control over how decisions are made - not just 
monitored - will be the ones that scale fastest, with the lowest regulatory 
and operational risk. Leapter gives them that control.
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Contact

Start the right 
conversation
We work with a small number of design partners and are selectively 
expanding our investor circle.

info@leapter.com www.leapter.com

Robert WernerOliver Welte
CEO / Founder CTO / Founder
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Leapter GmbH 
Dichterweg 2 
99425 Weimar

Commercial Register
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HRB 522844  
USt.-IdNr. DE455573774
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Robert Werner
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